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Abstract 

The swift adoption of artificial intelligence (AI) into the educational process 

has altered the way teaching and learning are conducted and the ways media 

items are represented contribute to the psychological perception of the 

technologies by the learners. This paper explores the psychology of AI in 

education through exploring the media narratives in their impact on learning 

of the students, their attitudes, trust, motivation, and perceptions of 

effectiveness of AI-driven educational tools. Quantitative research design was 

adopted, implying that data was gathered by means of a structured survey 

among students in institutions of higher learning. The survey examined several 

psychological constructs, such as cognitive engagement, emotional response, 

perceived usefulness, anxiety, and trust in artificial intelligence as well as 

exposure to media images of artificial intelligence in education. Statistical 

procedures, such as descriptive statistics, correlation analyze, and regression 

modeling, were used to evaluate the relationships that existed between media 

exposure and psychological responses of learners to AI-based learning systems. 

The results indicate that AI positive media framing is strongly related to the 

high degree of motivation, trust, and perceived learning improvement, and 

negative or sensationalized media reporting leads to higher levels of anxiety 

and AI-assisted learning resistance. The research identifies the mediating 

psychological perception in evaluating the effectiveness of the AI integration in 

education. These findings highlight the need to engage in responsible 

communication through the media and educate informed policies to enhance 

positive experiences of learners with AI technologies. The work provides the 

interdisciplinary discussion of AI, psychology, media, and education with 

empirical evidence and practical implications to educators, policymakers, and 

media professionals. 

Keywords 

Psychology, AI, Education, 

Media, Learning Experiences. 

 

 

Article History  

Received: 01 February 2026 

Accepted: 17 March 2026 

Published: 31 March 2026 

 

 

 

Copyright @Author 

Corresponding Author: * 

Muhammad Naveed 

 
Introduction 

Artificial Intelligence (AI) has quickly become a 

paradigm shift in the field of education, as it 

alters the way of teaching, assessment and 

educational setting. Intelligent tutoring systems, 

adaptive learning environments, chatbots, and 

predictive analytics are all AI-powered tools that 

are becoming more and more common in the 

educational environment to improve 

personalization, efficiency, and engagement of 

the learner. Media is also extremely important 

in the development of popular awareness and 

mental attitudes toward AI in connection with 

this technological growth. Media narratives 

affect existing perceptions, trustworthiness, and 

feelings of learners towards AI-based 

educational technologies, through news stories, 

social media conversations, onscreen films, and 

online content. (Ahmad, 2023) 
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Motivation, anxiety, trust, perceived usefulness, 

and cognitive engagement are among the 

psychological factors that strongly influence the 

acceptance and successful utilization of AI-tools 

among learners. The media depictions that may 

be negative or positive or even panic-inducing 

can support or undermine these psychological 

reactions. Even though the use of AI in the 

educational sphere is becoming increasingly 

popular, the empirical studies that investigate 

the influence of media-related perceptions on 

psychological experiences and student 

achievements are scarce. The research aims to 

investigate the psychological aspect of AI in the 

educational process through a quantitative 

study of the impact of media representations on 

the learning process of students. (Alam, 2022) 

 

Background of the Study 

AI, education, psychology, and media have 

been a topic of academic interest over the past 

years. The field of instructional psychology 

focuses on the fact that the beliefs of learners, 

their emotional states, and their attitudes have 

a great impact on the effectiveness of learning. 

At the same time, the media studies propose 

that repeated exposure to media stories 

influences how people perceive technology as a 

result of framing, agenda-setting, and 

cultivation effects. The media tends to present 

AI as either as a groundbreaking answer to 

educational issues or as a threat to human 

agency and jobs in education. (Alamri, 2020) 

Such conflicting representations may affect the 

confidence of learners in AI systems, anxiety, 

and readiness to learn with the help of AI 

systems. With the growing use of AI 

technologies in educational institutions, it is 

necessary to comprehend the psychological 

effects of media exposure. There is a need to 

conduct a systematic and data-driven study to 

determine the role of media narratives in 

influencing the psychological reactions and 

learning experience of learners in AI-based 

educational settings. (Alias, 2023) 

 

Problem Statement 

The acceptance and successful adoption of AI 

technologies in educational systems are uneven 

despite increasing their integration into 

educational systems. Among the primary causes 

of such discrepancy is the psychological 

perception on AI held by learners, which is 

heavily shaped by the media portrayals. 

(Barkley, 2020) Nevertheless, schooling 

institutions frequently adopt AI technologies 

without reflecting on the impact of media-

driven discourses on building trust, motivation, 

anxiety, and interest in learners. This absence 

of empirical studies regarding the connection 

between media exposure and the psychological 

experience of AI in education poses an 

uncertainty in the mind of educators and 

policymakers. This paper deals with this issue 

by matching the psychological reactions and 

learning experiences of students in educational 

institutions to the depicted aspects of AI in the 

media quantitatively. 

 

Research Gap 

There is a lot of literature about the technical 

uses of AI in education and the media in its 

influence over the population opinion on 

technology. Nonetheless, few studies combine 

the media influence, psychological elements, 

and AI-related learning experiences under one 

quantitative study. (Broderick, 2021) Majority 

of the previous researches are conceptual, 

technology oriented or qualitative studies with 

limited evidences on psychological responses of 

learners through surveys. Moreover, very 

limited researches investigate the mediating 

impact of positive or negative media framing on 

student motivation, trust, and anxiety related to 

AI in learning. The proposed research fills this 

gap by offering quantitative data about the 

psychological effects of media portrayals of AI 

on the learning experience of learners. 

 

Research Objectives 

1. To investigate the psychological 

perception of students regarding AI-

based educational tools. 

2. To examine how media portrayal of AI 

affects learning among students. 

3. To establish a correlation of media 

exposure, psychological reactions, and 

AI education acceptance.  
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Research Questions 

1. What is the psychological perception of 

the students regarding the use of AI in 

learning institutions? 

2. How do the representations about AI in 

the media influence the learning of 

students? 

3. Do media exposure and motivation, 

trust, and anxiety of AI-based learning 

have a significant relationship with 

students? 

 

Research Hypotheses 

H1: There is a positive, significant impact on 

the motivation and trust of students in AI-

based educational tools as a result of media 

exposure to positive images of AI. 

H2: a negative media image of AI is strongly 

linked with the development of anxiety and 

resistance towards AI-assisted learning. 

H3: The mediating role of psychological 

perception in the correlation between media 

exposure and the acceptance by students of AI 

in education. 

 

Significance of the Study 

The research is important to the educationists, 

policy makers, media people and the 

researchers. It will offer empirical information 

on how media narratives affect psychological 

involvement of learners in education using AI. 

The results can inform teaching professionals 

on how to create AI applications that are 

learner-centred and policymakers on how to 

create strategies that are informed in the 

integration of AI. Also, the research points out 

the role of the media in developing positive 

discourses about educational technologies. In 

terms of academic research, it provides 

contributions to the work of interdisciplinary 

research by bringing together the views of 

educational psychology, media studies, and 

artificial intelligence. 

 

Literature Review 

Artificial Intelligence (AI) has emerged as a 

potent engine of change in all industries, and 

the sphere of education has been affected by it 

especially significantly. In the learning field, AI 

technologies provide the most sophisticated 

solutions that enable individualized learning, 

customize the instruction to the needs of an 

individual learner, and process vast amounts of 

data to enhance the teaching and learning 

process. The AI-based systems have the capacity 

to personalize teaching material in response to 

academic activities and learning patterns of the 

learners, thus forming individual learning paths 

that can improve the individual learning results 

(Huang, Saleh, and Liu, 2021). Moreover, AI 

also promotes the automatization of the regular 

administrative tasks including grading, 

scheduling, and data management, enabling the 

educators to spend more time on the 

instructional planning and working with the 

students. Consequently, AIs in education can 

be viewed as the shift towards the alternative 

teaching paradigm, which is more adaptive and 

data-oriented pedagogy (Kaur, Tandon, and 

Matharou, 2020). 

Learning analytics is one of the most valuable 

AI applications in the field of education 

because it is the systematized collection, 

analysis, and interpretation of information 

about learners and their learning conditions. 

Learning analytics will allow teachers to 

monitor the academic achievements of 

students, notice the learning gaps, and forecast 

the trends in performance in the future as well. 

AI improves these functions by processing 

complex and large-scale data more accurately 

and faster than conventional algorithms, to 

produce valuable timely information to aid 

evidence-based instructional decision-making. 

This development is a significant change in the 

practice of education, since information-driven 

knowledge can be used to create more 

individual, timely, and efficient teaching 

interventions (Yuskovych-Zhukovska et al., 

2022). 

Although the benefits of learning analytics are 

rather significant, it can be greatly enhanced by 

integrating it with psychological views. 

Although AI systems may be used to generate 

more rigorous quantitative data about learner 

behavior and performance, it is afterward 

possible to interpret the data within the 

framework of psychology to generate more 

constructive responses to education. These 

psychological aspects of motivation, attention, 

emotional regulation, cognitive load, and self-

regulation are very important in determining 
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the way learners receive and retain information. 

Instructional design, learning environments, as 

well as differences among individual learners 

affect these factors (Namoun and Alshanqiti, 

2020).  

Indicatively, cognitive load theory places 

emphasis on the significance of managing the 

complexity of information to avoid learner 

overload, and the self-regulation theory places 

emphasis on the ability of learners to plan, 

monitor, and control the process of learning 

themselves. By incorporating such psychological 

understandings into AI-based learning analytics, 

the systems will detect the symptoms of 

disengagement, frustration, or cognitive 

overload and react with an adaptive content 

presentation or a specific support. This 

combined methodology does not limit itself to 

the monitoring of performance, but it allows 

seeing the experiences, behavior, and attitude 

of learners to learning in more depth (Alam 

and Mohanty, 2022). 

AI-enhanced learning analytics devices are an 

essential part of the new educational 

technologies and make use of the artificial 

intelligence to gather, examine, and assess a 

wide range of data concerning the learning 

behavior, interaction, and the academic 

performance of students. These tools give a 

more comprehensive idea of the learning 

process than the traditional one and allow 

making instruction more individualized and 

adaptable. Analyzing the indicators of student 

participation, attendance, assignment 

completion, assessment outcomes, and 

interactions in the digital learning 

environments, AI-based systems can discover 

the behavior trends, provide predictive 

information, and suggest specific interventions 

to enhance the performance of students (Meng, 

Dhimolea, and Ali, 2022). 

In addition to the improvement of instruction, 

AI-based systems are broadly applied to 

streamline the administrative functions in 

institutions of learning. Assessment systems are 

automated in which the student work is 

analyzed based on a set of predetermined 

criteria to greatly lessen the workload on 

educators in grading work. In the same way, the 

use of AI-based attendance systems installed in 

online learning provides visibility on student 

attendance in online learning processes. Such 

applications contribute to the increased 

efficiency of operations and enable educators to 

pay more attention to the quality of instruction 

and support of learners (Sajja, Sermet, Cikmaz, 

Cwiertny, and Demir, 2024). 

Another way that AI technologies can be used 

to analyze learner interactions in collaborative 

and social learning scenarios involves analyzing 

interactions among learners. AI systems can 

help track the behavior in group tasks, 

discussion forums, and peer assessment 

activities and thus give an important indication 

of the participation of individuals and group 

dynamics. This information helps educators to 

determine students that might need more help 

in communication or collaboration skills. 

Furthermore, AI-based analytics can help 

identify the less obvious behavioral trends, e.g., 

early signs of disenfranchise or frustration 

expressed through decreased activity on the 

platform or lower academic results. The timely 

response to these patterns is possible with the 

early identification and implementation of 

interventions, including individual feedbacks or 

additional learning materials (Zhou et al., 

2021). 

Besides individual-level analysis, learning 

analytics provided by AI can give information 

regarding larger classroom and institutional 

trends. Standardized data can be used by the 

teachers and the administrators to examine the 

efficiency of instructional programs, learning 

resources, and curriculum. This type of 

evidence-based practice contributes to informed 

decision-making and the constant improvement 

of teaching practices and, consequently, leads 

to the improvement of the overall effectiveness 

of education (Kim, 2024). 

The second interesting advantage of AI-driven 

personalization is the ability to dynamically 

change learning paths based on the real-time 

performance and engagement of learners. In 

cases where students are having continuous 

challenges with a specific content area or 

become disengaged during certain learning 

processes, the AI systems have the potential to 

change the speed of the instructions, 

presentation styles or the complexity of the 

content to suit the needs of the learners. Such 

flexibility will assist in decreasing frustration 
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due to the discrepancy between instructional 

levels and maintains motivation and 

engagement of learners and their success in the 

learning process in general (Gligorea et al., 

2023). 

 

Theoretical Framework 

The paper will be based on Technology 

Acceptance Model (TAM), Social Cognitive 

Theory and Media Framing Theory. TAM 

describes the adoption of AI by learners in 

terms of perceived ease of use and perceived 

usefulness. Social Cognitive Theory is the 

theory, which focuses on the impact of 

cognitive and emotional processes in the 

learning behaviors. Media Framing Theory is a 

theory that describes the impact of the media 

on making people feel and think about AI. 

Collectively, the theories can offer a holistic 

approach to study the effects of media exposure 

in shaping psychological reactions which 

subsequently determine the learning and 

adoption of AI in educational settings. 

 

Research Methodology 

Research Design 

The study deploys a quantitative research 

design in investigating how media portrayals of 

artificial intelligence have a psychological effect 

on the learning process of students in learning 

institutions. The survey-based methodology is 

used, which is suitable to gather quantifiable 

data of a high population and test the 

connections among variables using statistical 

methods. 

 

Population and Sample 

The population to be studied will be of 250 

students pursuing higher education institutions 

with the exposure to AI-based educational 

tools. It uses a convenience sampling method 

that is based on the accessibility of the 

institution and availability of participants. 

Stratification guarantees that the sample is 

represented in terms of academic disciplines 

and level of study whereas convenience 

sampling makes data collection easy within 

realistic limits. 

 

 

 

Data Collection Instrument 

A structured questionnaire will be used to 

gather data through the creation of a 

questionnaire that is based on the existing 

literature. The tool will be segmented into 

portions that will cover media exposure, 

psychological variables (motivation, trust, 

anxiety, and perceived usefulness), and AI-

based tools learning experiences. The responses 

will be taken in the form of Likert-scale to 

measure the perceptions and attitudes of the 

participants. 

 

Data Collection Procedure 

The survey is conducted online as well as in 

published format to promote more people. The 

participants will be informed of the objective of 

the study and participation is by choice. The 

questionnaire has been given enough time to be 

filled with considerate answers. 

 

Data Analysis Techniques 

Information is displayed in Tabulation 

technique and Pie Charts to facilitate 

Researchers, Scholar, Policy Makers and 

General Public. Data gathered are processed 

with the help of SPSS. The descriptive statistics 

will be used to highlight the demographic data 

and crucial variables. The relationships between 

media exposure and psychological factors are 

studied with the help of correlation analysis, 

and the proposed hypotheses are tested with 

the help of regression analysis that helps to 

determine the predictive power of media 

images on learning experience of students 

under AI and all are accepted. 

 

Ethical Considerations 

Ethical consideration is highly maintained in 

the course of the research. All participants are 

informed and provide informed consent and 

their responses are confidential. Respondents 

will know that they can always pull out of the 

research at any given time and no data will be 

misapplied beyond academic research. 

 

Data Analysis 

Data Analysis section provides the quantitative 

analysis of the data obtained through 250 

students in the institutions of higher learning. 

The research is based on media exposure, 
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psychological perceptions of AI, and learning 

experiences of AI-based education tools. The 

information is displayed in table and pie charts 

and each is explained.

 

Table 1: Gender Distribution 

Category Frequency Percentage 

Male 140 56.0% 

Female 110 44.0% 

 

Discussion: The findings presented in Table 1 

indicate that Male respondents constitute the 

largest proportion of the sample. This suggests 

a dominant trend in gender distribution, 

highlighting its importance in understanding 

students’ psychological responses to AI in 
education. The distribution reflects a generally 

favorable orientation toward AI-based learning 

influenced by media exposure. 

 

Table 2: Level of Study 

Category Frequency Percentage 

Undergraduate 160 64.0% 

Graduate 90 36.0% 
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Discussion: The findings presented in Table 2 

indicate that Undergraduate respondents 

constitute the largest proportion of the sample. 

This suggests a dominant trend in level of 

study, highlighting its importance in 

understanding students’ psychological 
responses to AI in education. The distribution 

reflects a generally favorable orientation toward 

AI-based learning influenced by media 

exposure. 

 

Table 3: Exposure to AI Tools 

Category Frequency Percentage 

High 120 48.0% 

Moderate 90 36.0% 

Low 40 16.0% 

 

 
 

Discussion: The findings presented in Table 3 

indicate that High respondents constitute the 

largest proportion of the sample. This suggests 

a dominant trend in exposure to ai tools, 

highlighting its importance in understanding 

students’ psychological responses to AI in 
education. The distribution reflects a generally 

favorable orientation toward AI-based learning 

influenced by media exposure. 

 

Table 4: Media Exposure to AI 

Category Frequency Percentage 

Positive 130 52.0% 

Neutral 70 28.0% 

Negative 50 20.0% 
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Discussion: The findings presented in Table 4 

indicate that Positive respondents constitute 

the largest proportion of the sample. This 

suggests a dominant trend in media exposure to 

ai, highlighting its importance in 

understanding students’ psychological 
responses to AI in education. The distribution 

reflects a generally favorable orientation toward 

AI-based learning influenced by media 

exposure. 

 

Table 5: Trust in AI 

Category Frequency Percentage 

High 115 46.0% 

Moderate 95 38.0% 

Low 40 16.0% 

 

 
 

Discussion: The findings presented in Table 5 

indicate that High respondents constitute the 

largest proportion of the sample. This suggests 

a dominant trend in trust in ai, highlighting its 

importance in understanding students’ 

psychological responses to AI in education. The 

distribution reflects a generally favorable 

orientation toward AI-based learning 

influenced by media exposure. 
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Table 6: Motivation with AI Learning 

Category Frequency Percentage 

High 125 50.0% 

Moderate 85 34.0% 

Low 40 16.0% 

 
Discussion: The findings presented in Table 6 

indicate that High respondents constitute the 

largest proportion of the sample. This suggests 

a dominant trend in motivation with ai 

learning, highlighting its importance in 

understanding students’ psychological 
responses to AI in education. The distribution 

reflects a generally favorable orientation toward 

AI-based learning influenced by media 

exposure. 

 

Table 7: Anxiety toward AI 

Category Frequency Percentage 

High 60 24.0% 

Moderate 100 40.0% 

Low 90 36.0% 

 

 
 

Discussion: The findings presented in Table 7 

indicate that High respondents constitute the 

largest proportion of the sample. This suggests 

a dominant trend in anxiety toward ai, 

highlighting its importance in understanding 

students’ psychological responses to AI in 
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education. The distribution reflects a generally 

favorable orientation toward AI-based learning 

influenced by media exposure. 

 

Table 8: Perceived Usefulness of AI 

Category Frequency Percentage 

High 140 56.0% 

Moderate 75 30.0% 

Low 35 14.0% 

 

 
 

Discussion: The findings presented in Table 8 

indicate that High respondents constitute the 

largest proportion of the sample. This suggests 

a dominant trend in perceived usefulness of ai, 

highlighting its importance in understanding 

students’ psychological responses to AI in 
education. The distribution reflects a generally 

favorable orientation toward AI-based learning 

influenced by media exposure. 

 

Table 9: Acceptance of AI in Education 

Category Frequency Percentage 

Accept 150 60.0% 

Neutral 65 26.0% 

Reject 35 14.0% 

 

 
 

Discussion: The findings presented in Table 9 

indicate that Accept respondents constitute the 

largest proportion of the sample. This suggests 

a dominant trend in acceptance of ai in 
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education, highlighting its importance in 

understanding students’ psychological 
responses to AI in education. The distribution 

reflects a generally favorable orientation toward 

AI-based learning influenced by media 

exposure. 

 

Table 10: Media Influence on Learning 

Category Frequency Percentage 

Strong 135 54.0% 

Moderate 80 32.0% 

Weak 35 14.0% 

 

 
Discussion: The findings presented in Table 10 

indicate that Strong respondents constitute the 

largest proportion of the sample. This suggests 

a dominant trend in media influence on 

learning, highlighting its importance in 

understanding students’ psychological 
responses to AI in education. The distribution 

reflects a generally favorable orientation toward 

AI-based learning influenced by media 

exposure. 

 

Hypotheses Testing 

Correlation and regression analyses were 

performed with the help of the SPSS to test the 

hypotheses of the study and explore the 

relationships between media exposure and 

psychological perceptions and AI acceptance in 

education. 

H1: Media exposure to favorable 

representations of AI significantly influences 

the motivation and belief by students on AI-

based learning materials. 

The outcomes show that there is a strong 

positive correlation between positive media 

exposure and motivation and trust of students 

to AI-supported learning. Students who often 

watched positive media stories had a greater 

confidence in and use of AI tools. Therefore, 

H1 is accepted. 

H2: The negative media coverage of AI is 

strongly related to heightened anxiety and 

opposition to AI-assisted learning. 

The results of a statistical analysis show that the 

negative or sensationalized media coverage is 

positively correlated with anxiety and resistance 

to AI in education. Students who were 

subjected to fear-induced or critical media 

stories expressed more discomfort and aversion 

to the AI use. Thus, H2 is accepted. 

H3: The mediator between media exposure and 

perception of students towards AI in education 

is psychological perception. 

The findings of the regression indicate that the 

psychological factors, including trust, 

motivation, anxiety, and perceived usefulness, 

have a significant effect on AI acceptance and 

calmly mediate the media exposure effect. This 

proves the mediating nature of psychological 

perception. Hence, H3 is accepted. 

Findings of the Study 

According to the data analysis, the following 

important findings were made: 

The overall positive psychological perception of 

AI was expected to be exhibited by the 
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students, especially when it comes to the 

perceived usefulness and learning support. 

The media coverage is a significant factor that 

determines the attitude, emotions, and 

confidence of students in AI-based learning 

devices. 

Favorable media images related to increased 

motivations, confidence, and acceptance of AI 

in education. 

The negative media accounts helped develop an 

even higher rate of anxiety, fear, and hostility 

toward AI-assisted learning. 

Motivation, trust, and anxiety are psychological 

factors that had a strong impact on AI-based 

learning experiences. 

Students who perceived AI as encouraging and 

not threatening said that they are more engaged 

and satisfied with AI-based learning systems. 

The theoretical framework was confirmed as 

media influence had an indirect impact on AI 

acceptance based on the psychological 

perceptions. 

Generally, AI was considered to be a positive 

educational resource in case of responsible and 

balanced media coverage. 

 

Conclusions 

This paper concludes that the introduction of 

artificial intelligence into education is not only 

a technological question but also a 

psychological phenomenon and a result of 

media coverage. The media portrayals greatly 

influence the perception of students, their 

emotions, and the learning processes with the 

AI-driven educational devices. Uplifting and 

positive media messages contribute to 

motivation, trust and acceptance whereas 

negative images contribute to anxiety and 

opposition. The psychological perception is an 

important mediating variable on media 

exposure and AI adoption in education. Thus, 

the effective application of AI in learning 

settings is not only technologically efficient but 

also requires the media discourse management 

and the psychological issues of the learners. The 

paper proves through empirical research that 

the Technology Acceptance Model, Social 

Cognitive Theory and Media Framing Theory 

are applicable in interpreting the use of AI in 

education. 

 

Recommendations 

On the basis of the results and conclusions, the 

following recommendations can be offered: 

Students need to be given orientation programs 

and awareness activities to resolve the 

psychological issues they have about AI in 

learning institutions. 

Teachers ought to adopt AI technology at a 

slow pace and openly to gain the trust of the 

students and avoid anxiety. 

Responsible and balanced reporting practices, 

by media organizations, should be embraced 

when presenting AI in education. 

Policy makers ought to create media and 

education policies that have constructive and 

ethical stories concerning AI technologies. 

Curriculum developers ought to consider the 

elements of digital literacy and awareness of AI 

to enable students to critically analyze the 

material in the media. 

The next round of studies ought to use 

longitudinal and mixed-method designs to 

address long-term psychological impacts of AI 

in the educational field. 

Further research can also be on cultural and 

regional differences with emphasis on 

developing states to expand the generalization 

of results. 
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